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A Additional FIT Dataset Details

In this section, we provide additional details and statistics about the
FIT dataset.

A.1  Size Categorization

In our figures, we frequently abbreviate the full person-garment
measurements [m,, my] with coarse size labels for the person and
garment such as XS, L, XL. We determine these size labels based
on average measurement ranges as shown in Table 3. Note that the
grouping of size measurements into coarse size labels (e.g. XS,
L, XL) are only used for visualization and grouping purposes, not
Fit-VTO training or evaluation.

A.2  Garment Fit Distribution

Our FIT dataset covers a diverse range of fit scenarios. In Figure 4, we
plot the distribution of person/garment size pairings as a histogram,
showing that every reasonable fit scenario is represented, from very
tight (e.g. size “XL” person wearing a size“M" garment) to very loose
(e.g. size “XS” person wearing a size “2XL" garment). Implausible fit
pairings where the garment is more than 3 sizes smaller than the
person (e.g. size “3XL" person wearing a size“XS" garment) are not
included.

A.3 Measurement Statistics

In Table 1 and Table 2, we report the minimum, mean, maximum,
and standard deviations of the measurements for our body and
garment meshes in the FIT dataset, respectively. Our dataset covers
a wide range of body shapes and garment sizes.

Table 1. Body size statistics. We report the min, mean, max, and standard
deviation of our garment measurements in cm.

Men’s Women’s
Measurement | (min, mean, max, std) | (min, mean, max, std)
Bust (87, 101, 141, 10) (83, 100, 136, 13)
Height (155, 174, 194, 8.0) (151, 170, 196, 9.0)
Hips (88, 101, 125, 6.0) (89, 104, 127, 10)
Waist (70, 86, 141, 13) (61, 85, 130, 17)
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Table 2. Garment size statistics. We report the min, mean, max, and standard
deviation of our garment measurements in cm.

Men’s Women’s
Measurement | (min, mean, max, std) | (min, mean, max, std)
Width (77, 112, 169, 16) (75, 110, 169, 16)
Length (29, 53, 76, 8.0) (29, 51, 76, 7.5)
Sleeve Length (0.0, 30, 79, 17) (0,29, 79, 17)
o

Before Realign.

After Realign.

Fig. 1. During cross-body draping, the initial boxmeshes are often mis-
aligned with the target human models, causing draping failures (left). We
explicitly realign the boxmesh to ensure successful simulation (right).

A.4 Additional Dataset Examples

We present additional examples of try-on triplet data in our dataset
in Figure 2.

B Additional Details on Data Generation Pipeline
B.1 Cross Draping vs. Linear Size Change

The standard GarmentCode pipeline computes sewing patterns
based on a design template and target body parameters, yielding a
3D garment that is well-fitted to the wearer. To generate ill-fitting
examples (e.g., oversized or undersized), a naive baseline would
be to linearly scale the garment parameters. However, this fails to
capture real-world sizing dynamics, as garment grading rules are
non-linear and distinct from simple geometric scaling. To address
this, we propose a cross-draping strategy. Instead of manipulating
the mesh directly, we instantiate a separate “source” body in a dif-
ferent size, generate a pattern fitted to that body, and then drape
the resulting garment onto the original target body. This process
simulates the physical reality of a person wearing a garment de-
signed for someone else, resulting in significantly more natural and
realistic ill-fitting dynamics compared to simple linear scaling.

B.2 Boxmesh Realignment

Cross-draping a sewing pattern onto a target body mesh of a dif-
ferent size creates misalignments between the boxmesh panels and
target body parts, which can lead to draping errors. We implement
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Fig. 2. Additional dataset examples. In each example, we show the paired person image (top le ), garment image (lower le ), and the target try-on image 220
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